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Introduction 

The rapid advancement and integration of the artificial intelligence in professional environments have 

fundamentally transformed how work is performed across both clinical and organizational domains. 

AI-driven systems are increasingly used for decision-making, data analysis, administrative 

automation, and workflow optimization, offering potential benefits such as increased efficiency and 

reduced manual workload (Raisch & Krakowski, 2021; Dwivedi et al., 2023). However, emerging 

evidence suggests that rather than simplifying work, AI may intensify job demands by accelerating 

task pace, increasing monitoring responsibilities, and requiring continuous cognitive engagement 

(Jarrahi et al., 2023; Tarafdar et al., 2025). 

The increasing integration of the artificial intelligence (AI) into the professional environments 

has transformed the work processes while the raising concerns about the employee well being 

and the burnout. This study aimed to examine a relationship between the AI usage and a 

burnout with particular focus on moderating role of the cognitive efficacy among the clinical 

and organizational professionals. A quantitative cross-sectional research design was 

employed. A total of 180 professionals participated in the study, including 100 clinical and 80 

organizational professionals selected through purposive sampling based on their exposure to 

AI tools in the workplace. Standardized measures, including the Maslach Burnout Inventory, a 

Cognitive Efficacy Scale, and an AI Usage Intensity Scale, were administered via an online 

survey. Data were analyzed using Pearson correlation, multiple regression, and moderation 

analysis. Results indicated that AI usage significantly predicted burnout, whereas cognitive 

efficacy was negatively associated with burnout. Furthermore, cognitive efficacy significantly 

moderated the relationship between AI usage and burnout, such that individuals with higher 

cognitive efficacy reported lower levels of burnout despite increased AI engagement. 

Additionally, clinical professionals demonstrated higher levels of emotional exhaustion 

compared to their organizational counterparts. The findings highlight dual impact of the AI as 

both a job demand or resource, emphasizing the protective role of cognitive efficacy. 

Implications for organizational training and psychological resilience interventions are 

discussed. 
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Burnout is a condition of long-term psychological exhaustion that arises due to the extended 

work-related pressures. It is commonly manifested in the form of emotional exhaustion an 

unemotional or impersonal attitude towards work and a loss of personal effectiveness (Maslach and 

Leiter, 2016). In clinical settings the integration of digital systems and AI tools has been linked with 

increased documentation burden and cognitive overload contributing to higher levels of emotional 

exhaustion (Shanafelt et al., 2022). Similarly organizational professionals report technostress decision 

fatigue and performance pressure associated with AI adoption (Ayyagari et al., 2011; Tarafdar et al., 

2020). Recent studies highlight a growing phenomenon of ―AI-induced cognitive fatigue,‖ where 

continuous interaction with intelligent systems leads to mental strain and reduced cognitive clarity 

(Verma et al., 2025). 

From the perspective of Job Demands Resources model and the AI can be conceptualized as 

both a job demand and a job resource. While it enhances efficiency and supports decision-making, it 

simultaneously imposes cognitive demands that may increase the risk of burnout if not adequately 

managed (Bakker & Demerouti, 2017; Wang et al., 2025). This dual nature makes it critical to 

identify psychological factors that can buffer the negative effects of AI-related demands. 

One such factor is cognitive efficacy is defined as a personality’s belief in their ability to 

effectively process manage and utilize cognitive resources in complex environments. Rooted in the 

Bandura’s (1997) the self-efficacy theory  cognitive efficacy has been associated with better problem-

solving, adaptability, and resilience under stress (Salanova et al., 2019). Individuals with higher 

cognitive efficacy are more likely to perceive demanding tasks as manageable challenges rather than 

overwhelming threats, thereby reducing the likelihood of burnout (Xanthopoulou et al., 2020). In 

technology-driven environments, cognitive efficacy may play a crucial role in enabling professionals 

to effectively interact with AI systems while minimizing cognitive strain. 

Despite the growing body of literature on AI and workplace well-being, several important 

gaps remain. First, most existing studies have examined technostress or digital fatigue broadly, with 

limited focus on AI-specific cognitive demands (Tarafdar et al., 2025). Second, there is a lack of 

comparative research examining both clinical and organizational professionals within a single 

framework, despite their differing work demands and AI usage patterns. Third, moderation of 

cognitive efficacy in the relationship between the AI usage and burnout has not been intensively 

studied especially through quantitative empirical studies. It is crucial to address these gaps to achieve 

a more sophisticated perspective on how professionals will alter to AI-integrated workplaces. 

Thus, the purpose of the current study is to study the connection between AI use and burnout 

in the clinical and the organizational professionals, and to study the mediating effect of cognitive 

efficacy. Combining insights into the JD-R model and self-efficacy theory, this study aims to add to 

the beginning of the research on AI-related occupational health. 

Objectives  

1. To study the point in which the AI usage and the burnout of professionals are connected.  

2.  To measure the interdependence of the cognitive efficacy and burnout.  

3. To explore the role of cognitive efficacy that moderates the relationship between AI use and 

burnout. 

4. To make an analogy on the level of burnout in clinical and organizational professionals. 

Hypotheses 

H1:  AI usage is the positively associated with burnout among professionals. 

H2:  Cognitive efficacy is negatively associated with burnout. 

H3:  Cognitive efficacy significantly predicts burnout among professionals. 

H4:  The relationship between the AI usage and burnout is mediated by cognitive efficacy i.e. the 

weaker the relationship is the higher the level of cognitive efficacy. 

H5:  Clinical professionals report higher levels of burnout compared to organizational 

professionals. 
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Figure 1. Theoretical Framework of AI Usage, Cognitive Efficacy, and Burnout 

Methodology 

Research Design 

The current research used quantitative cross-sectional correlational research design to study the 

association between the artificial intelligence use and burnout, and determine the moderating effect of 

cognitive efficacy in professionals. This design was the appropriate as it allowed for analysis of 

relationships among variables at single point in the time without manipulation. 

Participants 
The total of 180 professionals participated in the study using purposive sampling. The sample 

comprised: 

 Clinical professionals (n = 100) (e.g., psychologists, healthcare practitioners)  

 Organizational professionals (n = 80) (e.g., corporate employees, managers)  

The contestants ranged in age from the 25 to 55 years and had minimum of the one year of 

professional experience. Inclusion criteria required participants to have prior exposure to AI-based 

tools in their work settings. The unequal distribution reflects natural accessibility across professional 

domains. 

Instruments 

1.  Burnout 

The instrument that was measured using Maslach Burnout Inventory is burnout, and burnout 

measures: Emotional Exhaustion, Depersonalization, Personal Accomplishment.  

The scale is consists of 22 items rated on the 7-point Likert scale (0 = Never to 6 = Always). 

The scores on the higher scale show greater levels of burnout. MBI has been shown to possess good 

the reliability as well as validity among the professional populations. 

2.  Cognitive Efficacy 

Cognitive efficacy was assessed using an adapted Cognitive Efficacy Scale grounded in 

Bandura’s (1997) self-efficacy theory. The scale was designed to measure individuals’ perceived 

ability to effectively process information, manage complex tasks, and solve problems in cognitively 

demanding environments. 

The scale was a list of 12 items rated on a 5-point Likert scale (1 = Strongly Disagree to 5 = 

Strongly Agree) such that an individual higher score on the scale reflects higher cognitive efficacy. 

Items were contextually adapted to reflect AI-integrated work environments, ensuring 

relevance to modern professional settings. Content validity was established through expert review, 

and the scale demonstrated strong internal consistency in the present study (Cronbach’s α = .89). 

3.  AI Usage Intensity 

The utilization of AI was evaluated with an AI Usage Intensive Scale developed by the 

researcher aimed at evaluating the frequency and scope of artificial intelligence application in work 

activities. The scale measured three main items: frequency of using AI task dependency on AI and the 

role of AI in decision-making processes. 
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The scale was composed of 10 items to be measured through a 5-point Likert scale (1 = 

Strongly Disagree to 5 = Strongly Agree) with those scores being higher suggesting increased AI 

engagement. 

The scale itself was pilot tested on a small sample (n = 30) in order to make sure that it was 

understandable and relevant. The established validity was the content which was defined by the 

professional review of psychologists and organizational behavior professionals. The internal scale 

consistency was good (Cronbach 087 =.87) in the current study which means that it had good 

reliability. 

Procedure 

The survey was an online survey platform used in collecting the data. The participants were contacted 

through professional networks and online platforms. Prior to participation informed consent was 

obtained and ensuring confidentiality and voluntary participation. The questionnaire included 

demographic information followed by the three standardized scales. The average completion time was 

approximately 10–15 minutes. 

Ethical Considerations 

Ethical guidelines were strictly followed. Participants were informed about the purpose of the study 

and their right to withdraw at any time and the confidentiality of their responses. No identifying 

information was collected. 

Data Analysis 

The SPSS (Version 26) was used to analyze the data.). The statistical methods used were the 

following ones: 

• Descriptive statistics (means, SDs)  

• Pearson correlation analysis to test the relations between variables.  

Various regression modeling to determine predictive relationships.  

To examine the moderating effect of cognitive efficacy, moderate analysis will be used 

(PROCESS Macro, Model 1).  

A significance level of p < .05 was used for all analyses. 

Common Method Bias 

Since self-report measures were used to gather the data at one time, the risk of common method bias 

was taken into account. To address this concern, procedural remedies such as ensuring anonymity and 

reducing evaluation apprehension were applied during data collection. Additionally, Harman’s single-

factor test was conducted, and the results indicated that no single factor accounted for the majority of 

the variance, suggesting that common method bias was not a significant concern in this study.  

Control Variables 

To enhance the robustness of the findings, key demographic variables including age, professional 

experience, and professional group (clinical vs. organizational) were considered as control variables 

during the analysis. Controlling for these variables helped ensure that the observed relationships 

among AI usage, cognitive efficacy, and burnout were not influenced by demographic differences. 

Results 

Reliability Analysis 

Table 1 

Reliability Analysis of Study Variables (N = 180) 
Variable No.of Items Cronbach’s Alpha (α) 

AI Usage Intensity 10 .87 

Cognitive Efficacy 12 .89 

Burnout (MBI Total) 22 .91 

All variables showed strong internal consistency (α > .80) indicating the scales were reliable for the 

further analysis. 

Descriptive Statistics and Correlation Analysis 

Table 2 

Means, Standard Deviations, and Correlations (N = 180) 
Variable M SD 1 2 3 

1. AI Usage 3.62 0.74 —   

2. Cognitive Efficacy 3.85 0.68 -.21** —  

3. Burnout 3.47 0.81 .45** -.39** — 

Note. p < .05, p < .01 
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AI usage showed a significant positive correlation with the burnout (r = .45, p < .01) indicating that 

the higher AI engagement is associated with the increased burnout. Cognitive efficacy was negatively 

correlated with burnout (r = −.39, p < .01), suggesting its protective role. Additionally, AI usage was 

negatively related to cognitive efficacy. 

Regression Analysis 

Table 3 

Multiple Regression Predicting Burnout 
Predictor B SE B β t p 

Constant 1.12 .34 — 3.29 .001 

AI Usage .48 .07 .41 6.85  < .001 

Cognitive Efficacy -.42 .08 -.36 -5.21 < .001 

R² = .38, F(2,177) = 54.21, p < p < .01 

AI usage significantly predicted burnout (β = .41, p < p < .01), while cognitive efficacy significantly 

negatively predicted burnout (β = −.36, p < p < .01). Together the predictors explained 38% of the 

variance in burnout. 

Moderation Analysis 

Table 4 

Moderation Analysis (AI Usage × Cognitive Efficacy → Burnout) 
Predictor B SE B t p 

AI Usage .44 .08 5.50 < .001 

Cognitive Efficacy -.39 .09 -4.33 < .001 

AI Usage × Cognitive Efficacy -.21 .06 -3.50 .001 

The interaction term (AI Usage × Cognitive Efficacy) was the significant (p < .01) indicating 

that cognitive efficacy moderates the relationship between the artificial intelligence usage and 

burnout. Specifically the positive relationship between AI usage and the burnout weakens at higher 

levels of cognitive efficacy. 

Table 5 

Independent Samples t-test 
Variable Group M SD t p 

Burnout Clinical (n=100) 3.62 0.79 2.45 .015* 

 Organizational (n=80) 3.29 0.81   

Clinical professionals reported significantly higher burnout compared to organizational 

professionals (p < .05). 

Results Summary  

The results indicated that AI usage was positively associated with burnout while cognitive efficacy 

was negatively associated with burnout. Regression analysis revealed that both AI usage and 

cognitive efficacy significantly predicted burnout explaining 38% of the variance. Moderation 

analysis further demonstrated that cognitive efficacy significantly buffered the relationship between 

AI usage and burnout. Additionally clinical professionals reported higher levels of burnout compared 

to organizational professionals. 

Discussion 

This study examined the relationship between artificial intelligence usage and burnout, while also 

exploring the moderating role of cognitive efficacy among clinical and organizational professionals. 

The findings offer empirical support for the proposed model and contribute to the existing literature 

on technology-driven work environments and occupational well-being. Consistent with H1 the results 

revealed that AI usage significantly and positively predicted burnout. This finding aligns with prior 

research suggesting that advanced technologies, while designed to improve efficiency, often intensify 

job demands by increasing cognitive load, multitasking requirements, and performance expectations 

(Jarrahi et al., 2023; Tarafdar et al., 2025). The concept of ―technostress‖ and AI-induced cognitive 

fatigue has been increasingly recognized in recent studies where continuous interaction with 

intelligent systems leads to mental exhaustion and reduced the psychological well-being (Verma et al., 

2025). In line with the Job Demands–Resources Model, AI in this context appears to function 

predominantly as a job demand, contributing to emotional exhaustion and burnout when cognitive 

resources are strained. 

Supporting H2 and H3 the cognitive efficacy was found to be the negatively associated with 

the burnout and a significant predictor of reduced burnout levels. This result is consistent with the 
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Self-Efficacy Theory which posits that individuals with stronger beliefs in their cognitive abilities are 

better equipped to manage complex and demanding situations. Previous research has shown that 

higher self-efficacy enhances coping mechanisms reduces perceived stress and promotes adaptive 

functioning in high-demand environments (Salanova et al., 2019; Xanthopoulou et al., 2020). In the 

context of AI-driven work settings professionals with high cognitive efficacy may perceive AI not as 

a burden but as a manageable tool thereby reducing the likelihood of burnout. 

Importantly the findings supported H4 the demonstrating that cognitive efficacy significantly 

moderates the relationship between the AI usage and  burnout. Specifically the positive association 

between AI usage and burnout was weaker among individuals with higher cognitive efficacy. This 

indicates that cognitive efficacy functions as a psychological buffer altering the strength of the 

relationship rather than its direction. Individuals with the  high cognitive efficacy are more capable of 

managing cognitive demands, interpreting AI-related challenges as manageable, and maintaining 

psychological resilience. In contrast, individuals with lower cognitive efficacy are the more 

vulnerable to the adverse effects of AI-induced demands leading to higher levels of burnout. This 

finding reinforces the Job Demands–Resources model by highlighting the critical role of personal 

resources in mitigating the negative impact of technological demands. 

Regarding H5 the study found that clinical professionals reported significantly higher levels 

of burnout compared to organizational professionals. This result is consistent with the existing 

literature indicating that clinical roles involve additional emotional labor responsibility and 

administrative burden all of which are further intensified by digital and AI systems (Shanafelt et al., 

2022). The integration of the  AI in clinical settings often requires continuous attention, accuracy, and 

accountability, thereby increasing cognitive and emotional strain. 

Overall the findings highlight the dual nature of AI as both a facilitator and a stressor. While 

AI offers opportunities for efficiency and innovation it simultaneously introduces cognitive challenges 

that may undermine well-being if not properly managed. The study extends the JD-R model by 

incorporating AI-specific demands and emphasizes critical role of cognitive efficacy as a buffering 

mechanism. 

Limitations and Future Directions 

This study has certain limitations that need to be considered. First the cross-sectional nature of the 

research restricts the ability to determine causal relationships among the variables. Future studies may 

benefit from using longitudinal or experimental approaches to better examine causal links. Second, 

the data were collected through self-reported measures which can lead to common method bias, 

although attempts were made to control it. Third, the use of purposive sampling may reduce the 

generalizability of the results to a wider population. 

In addition the study did not include other relevant factors such as personality characteristics 

organizational support or technological competence which could also influence burnout. Future 

research should consider including these variables to develop a more comprehensive understanding. 

Finally although both clinical and organizational professionals were included in the sample 

the unequal distribution between groups may affect comparison outcomes. Future studies are 

recommended to use more balanced or larger samples to improve the reliability and generalizability of 

findings. 

Practical Implication 

The findings of the suggest that the  organizations should not only focus on implementing AI 

technologies but also invest in enhancing employees’ cognitive efficacy through training, skill 

development and psychological support. Interventions aimed at improving cognitive adaptability and 

confidence may help mitigate burnout in AI-driven work environments. 

Theoretical Contribution 

This study contributes   the growing literature by  integrating AI usage into the JD-R framework and 

empirically demonstrating the moderating role of cognitive efficacy. It provides a more  nuanced 

understanding of how personal resources interact with the technological demands in shaping 

occupational well-being. 

Conclusion 

This study highlights the complex role of artificial intelligence (AI) in shaping professional well-

being demonstrating that increased AI usage is associated with higher levels of burnout among both 

clinical and organizational professionals. At the same time cognitive efficacy emerged as a crucial 
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protective factor significantly reducing burnout and buffering the negative impact of AI-related 

demands. These findings underscore the dual nature of AI as both a resource and a stressor within 

modern work environments. Importantly the results emphasize that technological advancement alone 

is insufficient without parallel investment in human cognitive capacities. Strengthening cognitive 

efficacy through targeted training and support mechanisms can enhance adaptability and resilience 

enabling professionals to navigate AI-driven workplaces more effectively. Overall, this study 

contributes to a deeper understanding of the psychological implications of AI integration and 

highlights the need for balanced, human-centered approaches to technological implementation. 
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